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Chapter 1 
ON THE COMPUTATIONAL MODELING 
OF HUMAN VISION 
.Jacob Beck: Boston Univcrs.ity 
1. INTRODUCTION 
The computationa.l approach to human VISIOn had it.H origin in the 
ninetecnth-cQntury algebraic formulas for predicting perceived h11c from 
the spectral energy distribution [5:1L perceived shes a.nd shapes from 
retinal si;r,e:::; and shapes [5:~]: perceived depth from the disparity of the 
ima.ges in the left and right eyes [l.I:!L a.nd perceived brightness from 
simple luminance distr'd}ntions [:34: 55: 76]. VisuaJ problems hJVolving 
image structure such as the perceived lightness of an unevenly illumi-
mttcd wall that n1rves in span!: the recognition of shapes a.IHl patten1s: 
and the perceived spa,tia.llayo11t. of objects were not easily solved ma.th-
ema.tica.lly. Algorithms for t11cse more complex prohlenw have evolved 
w.ith the use of the compntcr for visual modeling. These models: how-
ever\ often assmne restricted and ecologic.a.lJy unrealistic coJHlitions. 
The rema.rka.bl<) Jlex.ibility and effectiveness of hmnan vision poses a. 
challenge to machine vision. A motivation for research on Il(:ura! lld-
\vorks .is the belief that the power of lnnnan vision can be achieved by 
using a.n architecture a.nd processes that functiolla.lly rnimic those uti-
Jlzcd in biological visimL 'J'hough recognizing that tlw cliaracteristics 
of biological vision and their efficient implmnentat.i011 are interdepen-
dent: this chapter focuses on three characteristics of human vision that I 
believe Ulld(:rlie its nnHsual cff'edivcness: rather than on how these cha.r-
a.cteristlcs can best lw implem<-mt.cd. H.oscnfcld [100] posed the question: 
VVhy is the effectiveness of machine visi011 so limited in comparison to 
the remarkable success of biological vision? He conjectured that one 
reason for the success of biologica.l vision is its application of nnJltiple 
processes to the information (_~xtra.cted from image;.;. A second reason 
tl1at he suggested is tlw genera.tim1 of mult.iple represent.a.tions designed 
for specj-fic tasks. A third factor that I believe to be important is t.ha.t. 
2 
perception is a function of multiple information sources. I examine the 
role of these factors in lmman vision in the perception of lightness: visual 
segrega.t,lon: and the perception of transparency. 
2. ONE-STAGE THEORIES 
l'vhlltiple processing stages and intera.ctions are a striking characteris-
tic of higher biological vision. Neurophysiological studies i11dica.te tha.t 
Uwrc a.re many visual a.rea.s that encode properties of visual stimuli over 
varying-size areas of the visual field [68]. Psychophysical studies re-
vea.l intna.ctio11S betwe(;n the perceptions of color: shape: space a.nd mo-
tion (88]. Despite the neurophysiological and psychophysical evidence 
tha.t perception involves interactio11S among multiple processes: there 
l1a.s been a. consistent attempt to simplify the problem by formulating 
one-stage computational U1eorics. Helmholtz [5:1]: Koff'ka. [72L <:md Gib-
son [41.] represent three differing theoreticaJ a.pproa.clws but arc alike 
in fornw.lizi11g vision as a one-stage promss. For Helmholtz [5a]: per-
cepts result from inferential-like processes based on the infonnatio11 pro-
vided by cues. Cues are the meanings a.tta.ched to stimuli a.cquired in 
the c<nJJ'SC of phylogenetic or ontogenetic development. Bayesian visim1 
algorithms are coJJtempora.ry formula.tioJlS of the 1-Ielmholt:;;;ia.n compu-
\aliomli point of view [:J!J]. Kofflm [72] hypothesized tlJ<tt perception 
is to be (:xpla.ined in terms of a.n ''energy field:) which takes into ac-
count the total ~:d.imnh1s situation and tends towaJ·d a global minimum. 
Algorithms in which vision _problems are matlwma.tically formula.ted as 
minimi;~,;-l.ticm problems are representative of this computational point 
of view [9:1]. For Gibson [111); as with Helmholtz: perception is a J'nnc-
tion of information. Information: however: .is conveyed by wha.t J1e called 
higher-order variables: Spatial and temporal patterns oJ'stimulaticm that 
specify information about the environme11L Gibson [112] \Vrote: "For ev-
my aspect or property of the phenomenal world ... there is a variable 
of tlw energy flux at [the] receptors, however complex: \Vit.h \vhich the 
phenomena.] property would correspond ... )) . Perception involves either 
innate or learned responses to stimulus invariants. The computational 
vision problem reduces to a lookup table. 
J\loilllonos aJHI Rosenfeld [iJ] describe progress in the computational 
modeling of human v.ision ~ince .1970. In the early J97(rs: machine visio11 
systems employed a Helmholtz-like one-stage computationa.] ;.tpproaclJ 
using ''high--leveP lmowleclge a.hout a see-n<\ in conjunction with ':]ow-
leveP' cues to account for perception. These systems quickly proved 
inadequate. Researchers then turned to a mult.i::;ta.ge approach) mod ding 
low-level: mid-level and high~level visual m_ochdcs. However: this too 
did not lead to the development of a successful machine vision system. 
Aloimonos a.nd 1\.osenfe'ld suggest that all active rather than a passive 
observer must be modeled. For an active observer: many mathematically 
ill-posed vision problems (e.g. 1 sl1ape from sha.ding) become well-poS{\d 
a.nd a.llow for a. unique solution (sec Table .I in [-1]). Though motion-
produced stinmlation provides many more stimulus invariants [4~~]: it is 
doubtful whether the difficulties in modeling human vision are solely due 
to not adequately ta.Jdng into account available stimulus information [56]. 
An alternative possibility is that human vision evolved representations 
and processes designed to accomplish pa.rticula.r tasks [a]. Vision: for 
example: may create several representations of space: which may range 
from pure 2D representations to pure 3D representa.tions. S1)ace ma.y 
further be coded for catching or picking up objects (e.g.: far space: nea.r 
space: a.nd space near limbs) as well a.s in terms of spatial layout [52 1 8~~]. 
lvlultiple processes: chtta.n~presenta.tions: and sources of informa.Uon may 
be the bases for the l1ighly adaptive Ilatureofperception and the reasons 
for the difficulties in fonnula.ti11g mathem.atica.l or computer algorithms. 
3. MULTIPLE PROCESSES: PERCEPTION 
OF LIGHTNESS 
The perception of lightness ilh1stra.tes the multiple processes involved 
in the perception of even relatively simple visual attributes. Lightness is 
the attribute of a surface tl1a.t varies from black to gra.y to \V]Jite. Light-
nc:::s constancy is the h~11dency for the lightness of a. surface to remain 
constant with changes in illumination and the juxtaposition of snrfa.C(1S. 
The perception of liglltlle.ss depends on the efl'ects of adaptation: con-
trast: assimilation: contours: fignre-ground: grouping: depth a.nd illumi-
na.timL '.l.'he perception of lightness i:-; a function of both stimulus energy 
(lumina.Jlce) a.nd s1.im11lus information (figural unity: figure-ground: illn-
miiiat.ion: etc.). 
3.1 SENSORY, ORGANIZATIONAL, AND 
COGNITIVE PROCESSES 
Bed;. [1 :1] categori:r:ccl the processes relevant to lightness perccptio.n 
under the general rubrics of 1'se11sory'': 1'orga.nb:ationa.Jll, and "inferen-
tiaP. There is 110 a.ccepted tennhwlogy. Roughly the same hiera.rcl1y 
of processes has been descrihed as "low··levd": "mid-]eveP': and "high-
lever' and as ''sensory)': "perceptual'' and '\:ognit.ive". These terms will 
be used here interchangeably. 
Sensory processe::; or low-level processes transform the pattern of reti-
na.! luminances into a neural pattern that <~ncodes important intensity 
changes. Neighboring intensities facilitate and suppress the neura.1 ac-
tivity through excitation and inhibition. Light a.da.ptation a1Hl sinml-
taneous contrast describe psychophysically tlw effects of these inten1c-
tions. Light adaptation adjusts visual sensitivity to the overall light 
level. Contrast computes a measure of relative luminance. Since r<)la.tive 
luminance rmna.ins constant with overall changes in illumination: con-
trast may yield approximate Hghtneso constancy with global changes in 
illmnina.tion [a6, 611]. Adaptation and contrast have been studied exten-
sively psychophysically, pl1ysiologicaJly, a.nd by computational modeling 
[31' 16, 60, 109]. 
The processes of adaptation and contra.st that yield lightness con-
stancy with global changes in illumination oppose constancy of lightness 
with local changes in illumination: and changes in background or j11xta-
position to other surfaces [1~3]. Under ordinary circumstances: however: 
lightness constancy is not greatly impahcd. Perceptual or mid-level 
processes tlla.t recover surface attributes maintain lightness conota.ncy. 
Fa.c\ors such as form [GG], grouping [105] and depth [81] modify liglrtneso 
perception in the direction of constancy. For exmnple: they equali;.:e con-
trast within a contoured a.rca and within a. figure-ground orga.nit,a.tion 
such as in the Benussi r.ing [87L the VVerthcirner-Benary cross [I:JL and 
tire vVhite effect [112]. 
Tlw Benussi rh1g nicely illustrates the existence of processes tha.t 
equa.lit,e contrast df'ects within contours. VVhcn a. gray ring is placed 
on a half-black a.ml half-white background; tlw lightness diff'erencc re-
sulting from contrast is slight. If a border divides the ring., hmvever; a 
marked contrast dif!'erence appears. 'l'he part of the ring on the white 
background appl:a.rs darker them the part of the ring on the black back-
ground. The lightness difl'ercnce between the two half-rings is a func-
tion ol' the properties of the boundary dividing the ri11g. Benna.H and 
Leibowitz [28] fouml that the difference in the ligMness of tlw tvv·o half-
rings increa.sed as the width of the botmda.ry separating the two halves 
incrmtsed. Anden;on, Pine and Rosenfeld [5] found that the perceived 
lightness difference is affected not only by the actual separation of the 
two half ri11gs but by the apparent separation between t.lw parts of the 
ri11g. The a.ppea.ra.nce of separation between parts of the figure enha.no~s 
contrast. 
'J'he Henussi df'eet shows the importance of borders for the perception 
of lightness. 'flw decreased or enha.m:ed lightness induced at luminance 
discontim1ities spreads out to the shape outlined by the co11tours. Con-
stant lumina.11ce or hue _is redundant information and is not encoded by 
the visual system [73]. By eliminating ihc n.>.<hmda.ncy in intensjty a.nd 
hue informa.Uon: the visual system prov.ides a.n economical description 
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of a scene. Grossberg and colleagues have developed the idea. that light-
ness and hue a.re specified only at contours into a. general computa.tlona.l 
theory of how lightness <:l.lld shape are enco<l<:d by the visual system 
[19, 50, 51]. 
Cognitive or high-level processes refer to the effects of expectation: 
mea.ning and inference. Two common examples are the efl'ect of illumi-
nation cues and the eff<~ct of memory color. The Gelb exp<:riment illus-
trates the efTect. of illumination cues on perceived lightness. In Gdbls 
experiment: the beam of a. projection la.11tem was focused on a. blad; 
disk. Observers reported seeing a. dim white disk in the general i1lumi-
nation of the room. VVhen a. small piece of white paper was held in front 
of the disk to intercept the hea.m of tlH; projection lantern: the percept 
dramatically changed. The disk was now seen as black and the paper 
as white. Both were seen a.s bright in strong illumi11ation. Gelb argued 
tl1a.t the disk changed from a. wca.Jdy illuminated white to a. strongly 
i11uminated black because the white paper visuaJly indicated that the 
disk was strongly a.nd not weaJdy il1umimtted. There is: }ww<:WCI\ a con-
founding bdw<:(m ii1fonna.tion that the disk is under a strong special 
illumination and the presence of a. new high intensity in the Gelh ex-
periment. Cha.ng(!S in perceived lightness may therefore have resulted 
from contrast effects rather from_ information about the illumillaiion. 
Beck [I 2] conducted a.n experiment in which a. slw.dow \Vas used to give 
the impresoion that a snrfa.ce was strongly illuminated. Observers sa.\v 
the illuminated portion of tJw black surface in the shadow condition a.s 
darker. The fact t.ha.t. a shadow gave rise to t1w perception of a. darker 
color cannot be explained by ligh1.Jwss contrast .. 
The perception of lightness is the result of the combined effects of 
sensory: perceptual and cognitive processes. Low-level sen wry processes 
encode relative and a.bsoh1te luminaiJces. l'vlid-level organizational pro·· 
cesses involve the effects of tho geometric aspects of a. visual scene such 
as figure-ground: depth: and contour and surface completion. They may 
also involve processes of disambiguation. Perceptual information is often 
ambiguous ami disambiguation is twcessary. H.osenfeld [0·1] proposed an 
a.pproa.ch he called "rclaxa.tiotl'' for dba.mh.igua.t.ing percepts. Relaxation 
eliminates possible interpretations by applying coJJstra.ints to neig]Jbcn-
ing pa.rt.s of a.n image. Disambigua.tio11 may a.lso involve a. Pra.egnan;, 
prh1ciple or a. tendency for the visua.l system to encode the sirnplest. pos-
sibility consistent witl1 the stimulus COlldit.ions. AHnea.ve [G] suggested 
that the visual system fa.ils to follow a.n overall principle of Praegna.n;r, 
but seeks unifonnity of specific properties such as length: or.ientation: 
coplanarity and so fort.]l. The visua.l system ma.y a.lso seek uniformity of 
!ightm~ss consist<:nt with the stimulus information. Beck [t:3] proposed 
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that organizational and inf<:)rcntial processes determine whetlH!r a change 
in the mmra.l correlates of luminance represents a change in lightness or 
a change in illumination. Knill and Kersten (71] report that a luminance 
gradient is seen as a difference in the lightness of the two halves of a S1Jr-
fa.ce when the bounding contours of t1w surface lead to the perc<:~ption of 
the surface as planar. However: the difference in the pern~ived lightness 
of the two halves of the surface disappears when the bounding contours 
ma.kc the surface appear curved. A change in luminance is seen as a 
cha.nge in lightness whc_n the surfa.cc is seen as plaua.r because this is 
the sirnplest or most likely interpretation. The perception of a constant 
surface lightness and a. varying illumination when the surface ls seen as 
curved is either b<:)Cause of a tendency to minim.ize lightness changes or 
because tl1is is the most. likely cause of the intensity change. It is impor-
tant to point out that there is no obligatory or precise co11pling betvv·een 
the perceptions of illumination and lightness. Heck [l~q has shown that 
in rnany instances the perceptions of illuminatioJJ and lightness a.re not 
coupled in a. one~to-one relation: as implied by theories in which the 
visual system ca1cula.tes surfa.ce reflectance. 
3.2 RECOVERING REFLECTANCE 
The hierarchy of processes affecting the perception of lightness keeps 
surface lightness approximately constcwt \Vith ch_anges iu global and lo-
cal illurnination and changes in the luminances of neighboring surfaces. 
But the;;e processes do not explicitly compute reflectance and do not m~c­
essa.rily lead to a. veridical _perception of lightness. For example: as men-
tioned above: contrast computes a m_ea.sure of relative lumina.nn~ rather 
than reflectance and may yield constancy in \vha.t Beck [l~lJ called dark-
room settings. The visual surface with the highest luminance is i'leen 
a.s w]Jit.e with the lightncsses of other surfaces determined by their rda.-
tive luminances. VVhen the rdlectances of the surfaces do 11ot cover the 
complete range of reflecta.nces from wl1it() to bla.ck; tlw correspondence 
lwt\veen 1Jw perception of liglltness and reflectcwce is not h1 accordance 
with that in daylight vision. An alternative view is that cornputa.tional 
algorithms for the perception of lightness are bas(~cl on recoverlng sur-
face reflectance (5a: 58: 5~)~ 711]. 'J'he computation a.] problem of lightness 
constancy is formulated in terms of how the visual system is able to 
decompose the prod net of illumina.nce X reflectance and recover there-
flectance' of a snrfa.ce (e.g., the albedo hypothesis of Helmholb [5:3]). 
To perceive l.ight.Iwss: the visuaJ system determines a lightness transfer 
function that discounts illnmina.t.ion; overlying transparent layers; and 
other viewing conditiolls [1]. 
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3.3 ONE-STAGE THEORIES OF LIGHTNESS 
As mentioned a.bove: there have been attempts to simplify the compu-
ta.tiona.l problem in perception by formulating single-stage theodes. For 
the pern.~ption of lighilH::ss: the attempt to do so has been based on the 
basic idea. that perceived lightness correlates with 1JH.~ luminance ratio of 
a target relative to a reference level [51. 72. 108]. Edson [54]JHOposed 
that perceived lightness correlates \Vith the luminance of a surface a.nd 
a. wdghted average of luminances in the entire field that he called the 
adaptation level. A problem is that not all luminances in a field cn-
t<:r cqua.lly into determining the adaptation level. The weights are not 
specified and remain parameters to be determined. How successfully the 
adaptation fonnula is able to effectively sumn1ari:r,e the cli-ITcring effects 
of contrast and adaptation remains unclear [~W: (Yl]. However: it is clear 
that it does not take into a.ccount the non-uniform illumination of a 
field. The ada.ptation level formula. for lightness holds only if a se<mc is 
perceived to he uniformly illuminated. VVhen a snrfa.ce is perceived as 
shadowed: the perceived lightness is not determin<xl by the lmnina.nc<; 
of the surface relative to the adapta.tion level luwinance [f>:3]. 
;\ singJe .. stage theory taking .into account the eff<,:ct:; of perceptual 
orga.ni%a.tion a.11d m1equa.l illumination has bce.11 formulated by Gilchrist 
a1Hl coworkers [11"1]. Tlwy proposed a. one-stage theory to accmmt for the 
perception of lightness a.nd ha.ve a.ppliC'.d it ingeniolll:>ly to a large number 
of .lightness ilHlnction: assimila.tio11 <tnd constancy phenomena. As pro-
posed by Koffka [72] and Wallach [lOB], the theory makes the perception 
of the lightness of a surface a function of its luminance ratio relative to 
an andwr that is perceived ;-u; white. The anchor is llsna.lly the ma.xi·· 
m11m lnmina.nce in the framework aHhoug;h it ca.n a.lso be a. function of 
surface area.. An im.porta.nt. novel idea of the theory is that a. s11rface may 
bdong to more tl1an one framework. A second novel aspect of the the-
ory is that area. is treated like luminance and a.ff'ects the surface chosen 
as the anchor. 'flw perceived lightness of a. surface is a. weighted aver-
age of its lightnesses determined by the different frameworks to which 
it belongs. A key problem is giving <t precise definition to the COJlCept 
of ("helongingness~). Bow t1H) different perceptual frameworks a..re esta.b-
lished is critica.l for explaining the many complex interadions bet\veen 
the perceptions of light.IH~ss 1 depth~ orientation: and transparency. The 
concept had previously been introduced by Kofl'ka. [72]: Kardos [67] a.nd 
Flock and N·usinowit% [~n]. Tiwy too used the ccmcept to specify the 
relevant Jumina.ncc ra.tios for calcnlat.ing perceived light1wss. Koffka and 
Kardos took the ra.t.ios of surfaces perceived to lie .in the same plane 
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and Flock and Nusinowitz took the ratios of surfaces perceived to be 
illuminated commonly. 
Gilchrist also suggests that lightness efl(;cts can be accounted for with-
out invoking perceived ilhnnination except as it affects the frammvork 
to which a surface belongs. Howev<-~r: mumination cues appear to affect 
lightness perception wlwn they do not obvim1sly change the framework 
to which a. surface belongs [11: 13]. Gilchrist is aware that his model does 
not a.dequately account for the rdationohip bei\vecn lightness and per-
ceived i1luminatio11. Onc-sta.ge theories are aJso incomplete in tha.t they 
are one-dimensional and do not account for the perception of brightness. 
There is exper.imcnta.l evidence that an achromatic surfa.ce color is bidi-
rnensionaJ [1_1: a?: 55]. An achromatic surfa.ct'. color varies in lightm~ss: 
i.e.: from white to gray to bla.ck: and varies in brightness: i.e;.: from bright 
to dim. In the experiment of Gelh [·10] the introchH".tion of the small bit 
of \vhitc paper chrmged the appea..rance of the disk not <mly from \vhite 
to black but also from a. dim surface to a bright surface. Beck [9] found 
that the apparent lllmnina.tion of t]w disk in the Gelb effect is greatly 
ii1Ilucmced by the brightness of the area seen a.s \V]Jitc. '.fhe perceived il-
]umina.tion of a. surface is strongly influenced by the intensity of the area. 
seen as white cwd by the inten:;;ii.y of _highlights [7: 8: :37]. Sch.irillo and 
Shewell [101] report that apparent illum_imt.tion a.fl'ects percdvcd bright-
llCi-lS. VVhdher Ow brightness of a surfa.cc a.nd the apparent intc11Hity of 
the ilhLmina.tion are separate plwnom<-ma. or the same\ a.s ;;uggestcd by 
1\ofrka [72], is unclear. 
4. MULTIPLE REPRESENTATIONS: 
VISUAL SEGREGATION 
The reprc:senta.tio11 of information for rapid sponta.neous visual segrQ-
ga.t.ion ha.s been extensively ;;tudied [26]. Beck [15] proposed that rapid 
spontaneous visual segregation is based 011 the computa.tim1 of stimulus 
difl(~r(mcns. These differ<-'nces a.n~ computed on three different stinm-
lus representations: (1) the point (pixel) intensities in a. patten1: (2) 
the properties of pattern dements: a.nd 0) the preattentive gronping of 
pattern element:;; [17]. 
4.1 SPATIAL FILTERING 
H.osenfcdd [9a] proposed that the spontaneous and immediate segre-
gation of a visnal field into regions occurs indepe1Hlently of higJier .. order 
cognitive processes. Beck: Sntter a.nd lvry [25] hypot1w;.;i;;;ed that dif-
ferences in the outp11ts of relatively early c;pa.tia.l fihcri11g mechanisms 
operating on pixel intensities provide information for region segrega.Uon. 
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Such mechanisms encode differences in spatial-frequency content prior 
to Ow specification of element shapes and their propertks. Thus the per-
ceived similmity of clement shapes [1 0] and of lightness [20] fails to pre-
dict perceived segregation. Perceived segregation is also not predicted 
by the perceived similarity of the hues in chromatic texture patterns. 
Opponent cha.1mel diH'erences computed from cone contrasts pn~dict the 
perceived segregation of texture patterns tha.t differ in hue [86]. 
lviacLcod a.nd Rosenfeld [77] proposed a model of vision in w]lich the 
spedra.l ana.ly~:crs \VCre ba.r detecting units ha.v.ing a. spatial extent of 
two or three cycles. They snggested such bar detecting units in place of 
a F'ourier spectral n~presentation of an image. A similar model of early 
visual detectors i11volving Ga.bor filters was propos(:~d by VVatson [110]. 
The precise shape of the kernel turns out to be unimportant. For tlw 
segregation of texture r<)gions: numerous investigators have show11 that 
differences in two-dimensional spatia.l-frequency content or 1 equiva.lcJltly: 
diffcrenn~s in the way textures stimulate unoriented (<-).g. Difference of 
Gauosian: DOG) or oriented (e.g.: Ga.bor) filters: account for how \vel] 
texture regions perceptually :::;egregatc (e.g.: [25: 27: 38:-15: 117: 78 1 HH 1 
106]). Region segrega.tio11 cannot be expla.ined solely in terms of linear 
operations: and the application of spat.ia.l-frcquency a.na.lysis to texbre 
segregation involves a.t least compression a.nd rediJica.tion nonlinearities 
['15, '17]. 
4.2 PATTERN FEATURES 
Visua.l segregation may be based on pa.Hern features as well as on 
spatial-frequency content. Region segregation: for example: is ba.sed on 
fea.turc differences when there are 110 differences in the spatial co.nt.ent 
of two regions [.19]. Beck [.1 :J] studied the segregation of t\VO randomly 
interspersed elements into two groups. The segregation of a display iJJt.o 
two groups is an example of pure similarity grouping. The displays are 
repres(·:nta.tive of a.n important. type of segregation in which there are 
no boundaries bet\veen regions. Beck [15] reported that segregation O<> 
curred strongly on the basis of differences in simple properties of the 
pattern <-:lements snell a.s brightness: color; si;,c: a.nd the orient.at.io.11s of 
llnes of figures. lvlore complex diffenmces such as differences in the a.r-
ra.ngement. of lii1es of a figure or in the orient.a.tio.11 of a figure that leaves 
the slopes of the component liiJes the same (l.id not prochH.~e ::;trong seg· 
regation. Beck: Graham; and Sutter [20] showed tha.t the segregatim1 
of a randomly interspersed population of light. a.nd dark ::;quares into 
two groups is not expla.im1..ble by the differential stimulation of spatial-
frequency a.na.lyzers. They showed that the rek~va.nt. variable for visna.l 
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segregation ba.sed on pattern features is perceived lightness: while the rel-
evant varia.ble for the segregatim1 of patterns based on spa.tia.l-frequeJlCy 
content is contrast. Since the two element types in a popuh1tion pat-
tern are randomly distributed: filtering can only determine that two 
types of elements are pn~w:nt; without assuring the perception of two 
coherent groups of elements. Rosenfeld [97) suggests that the perception 
of hvo groups depends on the detection of bimodality. He describes a 
pyramid-based technique that directly detects bimoda.lHy rapidly with-
out computing a histogram. 
Bimodality is a. global property. The detection of global properties is 
a.n incompldely understood aspect of the biological visual system. The 
Gestalt. psychologists proposed a. field model to explsjn locaJ~globa.l inter-
adions. Rosenfeld and colleagues [95] have ii1troduccd a class of tech-
niques for computing global properties known as pyramid algorithms. 
Algorithms arc implemented on a pyramid of procet;son; in which each 
higher level of t1JC pyramid looks at the level below it. The first level 
looks a.t its immediate neighbort'i: the second level looks at its immediate 
neighbors at. the first level: and so on. Tlms: the interadions arc always 
loca.l but encompcu;s larger and la.rgcr areas of the ima.gc. 'f_he pyramid 
a.rchitecture mimics the finding in hiologica.l visual systems that recep-
tive fields become larger at higher levels of the visna.l system. Pyr.a.mid 
irna.gc representations provide the capability or ra.pidly detecting and 
extracting global strndurcs such as smooth curves from a. background 
of short. curves [98] a.ncl groupings based on simila.rity: proximity: good 
continuation: and closure [95]. A familiar but unexpected object ca.n 
be recogni:-;ed in a fraction of a second using pyra.mids [96]. A pyramid 
model also accounts for the effects of si;-;c: relative precision and eccen-
tricity on the recognition of whether sha.pes a.re til<) same or differ [DO). 
4.3 PREATTENTIVE GROUPING 
Visual segregation may also b(~ based on Btimuh1s differenws result-· 
ing from the grouping ol'pa.ttcrn elements. Grouping involves a diversity 
of mechanisms that operate at ma11y Jeve]s of representation [l 7: 11 :3]. 
Rapid spontaneous segrega.tion occurs from the preatteJJtive grouping of 
oriented elements like lines and bars. Beck: Prazdny: and Ros(:nfeld [·L~) 
found tha.t the segregation of upright and inverted U\; d(~pends on the 
grouping of the bases of the U figures and is not explainable by dipole 
sta.th;t.ics or differences in spa.tial-l're(j1JC11CY cont.exlt. [16]. Bed:.: Rosen-
feld: and lvry [2-'l] shmv(:d that the segregation of a. line-like pattern 
corn posed of discrete elements in a backgrmmcl of distractors cannot he 
explained by differences in the m1tputs of Ga.hor filters. Lhw segregation 
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is based on element grouping that hi affected by stimnh1s features such 
a.s edge alignment: edge length: and principal axis orientation. There-
sults indicate that line segregation is a function of edge grouping. Field: 
lh1ycs: and Il<')SS [35] have also shown that the perception of "curved 
paths 1' in their CXlH)Jitnents cannot be ascribed to filtering; instead: they 
suggest that a grouping process is responsible for "path determination". 
Their "association ftclcP' hypothesis bears close similarities to the co-
operative bipole mechanism of Grossberg and l'vlingolla. [19: 50] and to 
the criteria. for grouping edges according to "rela.tability'' advanced by 
Kellman and Shipley [69]. The immediate segregation of aligned lines 
a.ml contours l1a.s a.lso been studied in [30: 102]. A model tl1at suggests 
hmv the vis11al system groups ima.gc contrasts has been presented by 
Grossberg a.nd l\1ingolla. [49, 50] a.s part of a. g<::nera.l model of how the 
visual systern groups edges: textur<)B 1 a.nd shading. 
5. MULTIPJ,E SOURCES OF 
INFORMATION: PERCEPTION OF 
TRANSPARENCY 
Biological vision combines in a. flexible way multiple sources of in-
formation that a.re not always consistent. The perceptual ::;ystem deals 
with conflicting information in three ways. First: a group of nws can 
Bimply overrule a. conflicting cue. If you reverse the left and right ima.ges 
of a face in a :::t.ereogra.rn, the nose i:::; ::;till seen to protrude. Familiar-
ity overrides the i11format.ion provided by binocular disparity that the 
nose is receding. Seccmd, the percoptua.l system GlJt a.lten1a.te bet\veen 
the con-flicting cues. This re::;ults in nnlltista.bility in wl1ich two percepts 
alt.enJa.t.{\ as in 1.Jw perception of a.mbignou,s figures that give rise to a.l-
tenla.te percepts. '.J.'hird 1 the vismtl systern compromises. ln looking a.t 
a picture of a receding road: the perspective cues indicat<; that the road 
is _parallel to t.be line of sight. 1\.Jotion parallax and disparity indicate 
that the road is perpendicuhtr to the line of sigl1t. 011e genera.lly sees 
a compromise in which the road .is seen receding at. an intennedia.te an-
gle, e.g., iJ5 degrees to the line of sight. The integrative nature of 1JH:: 
perceptual process is illustrated by the perception of tra.nspa.rency with 
moving and st.a.tiona.ry ima.ges. 
5.1 PLAID PATTERNS 
VVlten two moving gratings are superimposed to form a. plaid patt<~rn: 
the perceived motion of Uw pla.id pattern can be coherent or incoherent. 
ill coherent motim1 1 the compone11t gratings move together as a. si11glc 
object. In incolwrent. motion~ the component gra.ti11gs move indepen-
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dcntly. Transparency is then perceived; one grating is seen through the 
other. For plaid patterns seen through an a.pcrtur<\ the intersection of 
the two gratings comprising a plaid pattern form intersections that a.ct 
as features whose motions can be tracked. \Nl1en fea.tures arc :Jalicnt: 
feature-tracking signals capture the motions of the lines to which they 
belong [75]. \Nhen features are not salient: perceived global motion may 
be biased toward the vector average or tmvard the intersection of the 
COllStra.ints. In vector averaging: the pla.id pattern is seen to move in 
the direction of the vector average of the normal components of the 
plaid pattern [S.1]. In intersection of constraints: the _plaid pattern is 
seen to move in the din\ction of the h1tersection in velocity space of the 
constraint lines of the p.la.id components [2] . 
.Ja.sinschi: Rosenfeld and Sumi [Gl] proposed a model that combines a 
feature tra.ckh1g scheme with intersection of com;tra.ints to <:~xpla.in mo-
ti011 tra11Sparency a.nd coherence. The model uses a velocity histogram 
tha.t combh1es votes from the velocities of features snch as corners and 
line endil1gs with those from the intersections of a.ll possible con;:;traint 
Jines due to the motion of image contours. The perception of motion 
transparency or coherence depends on the total mnnher of prominent 
peaks in the velocity histogram a.nd on their relative heights. For two 
superimposed patterns in relativ(~ tra.nsla.tionalmotion one perceives mo-
tion coherenc<\: tra.JJspa.reJlCY: or mixed motion depending 011 whether 
the velocity histogram is unimodal: bimodal: or trimodal. The model 
succeeds in explaining motion tra.nspa.rency as well as the bistahility of 
motion t.ra.n::;parency and coherence in plaid displays. Viswana.than [1 07] 
presents an alternative mode~] of how t1Je visual systelll integrates mul~ 
tiple source::; of information in perceiving globa.l motion. 
5.2 ACHROMATIC PATTERNS 
The integration of multiple information source:':i also occurs in the 
perception of tra-nsparency in s1.a1.iomtry irna.ge::;. J\:let.elli [82] proposed 
two constraints to account for the perception of transparency in achro-
matic patterns. These constraints were derived from a phy::::ical model 
of transparency using physical or psychophysica.l variables such as re-
flectance or hnnimmce. ]n Figure l.la.~ let A and B be opaque surfa.ces 
<lJHl D a transparent surface. (Lmverca.::;e letters in Figure l.la. indicate 
regions of differing illten::;it.y.) Constra.int (i) is a restriction on the or·· 
der of the intensities: if a > b: then d > C: a.nd if a < b: then c < d. 
(\mstra.int (ii) is a restriction on the ma.gnitucks of' the intensities: the 
<:tbsolutc diffcrm1ce Ia- blmust lw greater than the absolute difTen~nce 
lc-dl. According to IV1etelli 1s COJlst.ra.int (i): transparency is sce11 only if 
A 
' b 
' 
D 
h 
c d 
Fiyun 1.1 (a) Upper-case letters arc surfaces ;md lower-case letters are regions. (b) 
Stimulus crlba. sati~:dies 1\'fetelli's order restrict-ion for seeing surface D as <l transparent 
surface overlying surfaces l3 a.nd A or surface B as a transparent. surface overlying 
surfaces D and A. (c) Stimulus cdab satisfies i\:Jetelli's order restriction for seeing sm-
face Bas a transparent. surface overlying smfaccs J) and A but violates the rest-riction 
for ~>e<~ing surface D as a transparent surface ov<:rlyiug surfaces B and A. (d) Stimulus 
end/; violates l\'letelli's order restriction for seeing either Sllrface J) or surface B as a 
transparent surface. 
the polarity of contrast changes .is consistent across a surfa.ce boundary. 
Tlms: in Figure Lta.~ if the bottom surfa.ce (D) is seen as transpa.re_ni: 
the direction of contra.st. between regions a and b ha.s to be consistent 
with the direction of contrast between regions d and c. If in Figure 1.1 a 
A and D are opaque surfaces and B a. trannpareni surfau\ then the di-
rection of contrast between regions a and d has to -lx; consistent with 
the direction of contrast between regions band c. 'IJ1e lower-case letter::; 
in Figure l.la. designa.ting regions arc used in referring to the patterns 
in Figures 1.1 b-el. In Figure l.lb: cdba~ the pattern of polarities of 
umtra.sts iB consistent with seeing either tlw top (B) or the bottom (D) 
our face as transparent. '.l'lw order of the let tcrs ind ica.tes increasing light-
ness values from lowest to highest. In Figure l.lc~ cdab: the polarities of 
contrasts arc consistent with seeing the top surface (B) as tra.nspa.rent 
but not the bottom surface (D). ln Figure l.lcl: cadb: the polarities of 
contrasts are inconsistent with s<~eing either the bot tom or top surface 
as transparent. 
Beck., Prazdny~ and lvry [22] distinguished bd\vcml wha.t they called 
"weak 1' and "strong)) violations of tlle order and magnitude restrictions. 
I11 a strong violation of the onkr restrictioll: the polarities of contra-siB 
are inconsistent a.cross boi11 contours of an x-junction (Fignre l.l d). For 
strong violations: the perception of transparency does not occur. ln a 
weak violation of the order restriction the polarities of contrasts arc in-
consistent a.cross one of the boundaries of an x-junction but not across 
the otlwr bou11cla.ry (Figure 1 . .! c). For \Veak violations: although they 
are inconsistent with physical instances of transp<:-l.rency: perception of 
transparency still occurs: though it is markedly reduced. Stimulus pat-
terns cadb (Figure .l.lcl) and cdab (Figure l.lc) botb violate tbe Metelli 
order constra-int (i). Beck: Prazdny1 <:l.lld Ivry [22] found that _no sn bjects 
saw s1Hfa.ce D as transparent in stimuh1s cadb (a strong violation) but 
that 1~~ of 21 saw surface D as transpare_nt in stimulus crlub (a weak 
violation). lvlasin a.nd Fukuda [79] a.lso found thai ille perception of 
transparency occllrs for wea.k violations of the order constraint. 'J'hai 
is: the perception of transparency is reducc:d: but still ocuns: when the 
polarities of contrasts are inconsistcmt across a surface boundary ln1i are 
consistent across the bounda.ry between the tra.llspa.rent s1Jrface and the 
opaque Sllrfaces. 
T_he perception of tra.nspanmcy with the pattern cdab ilh1stra.tes the 
problem of integrating conflicting informa.tio11. 'Ihe global configuration 
in Figure::> l.la--d suggests overlapping surfaces. For some subjects; the 
strong figural cues prevail over the inconsistency in loca.l coJlira.si and 
they see surfaceD in Figure l..!c as transparent. The inconsistency in 
the contrast changes across the x-junct.ion is reinterpreted as a cha.nge 
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in the liglJtness of the underlying opa.que surface or in the dcn~Hy of 
the transparent layer) or is ignored. For other subjects, the conflicting 
contrast cues ca.llSC the pattern to be seen as not transparent. There 
are limits to the visual system\; ability to ignore contradictions. No 
obs(_~rvers saw pattern carib as transparent. To do so \vould require seeing 
an overlapping transparent filter differing in density and an mHlerlying 
opaque surface differing in lightness. This docs not appear possible. 
5.3 CHROMATIC PATTERNS 
The perception of transparency with chromatic colors indicates that 
transparency perception can involve different mechanisms. ivlctclli [82] 
proposed that scissiouing of the overlapping color is the ba.Bis of trans-
pan.:}llCY and is a consequence of processes that decompose an image into 
ca.usa.l contributors. For cxa.mpk\ the mccha.11isnt underlying the scis-
sioning of an orange 1nw into red and yellow hues may require the firing 
of cells that respond both to red a.nd orange and yellow and ora11ge. 'l'lle 
perception of transparency may a.lso occur: hmvever: for hues that a..rc 
not explainable in terms of a scissioning mechanism. For example 1 ob-
servers indicakd that what \Vas seen \vith a figure similar to Figure _\.I a. 
\Vith a.rea a bla.ck 1 area bred: area c orange, and area d blue is an orange 
hue through a blue transpa.nmt layer (d plus c) or a.n orange hue through 
a. red tra.nsparent layer (b plus t) [70]. In this instance the hue of the 
overlapping region is not scissi(med. An explanation of the perception 
of transparency j;.; that region d or b is completed by the visual system 
when they are swm at differing depths from region c. The lllle in region 
c does not cli~a.ppea.r but may be seen vcridicaJly. "'When region d i:-1 seen 
as overlying region c one may see an orange snrface through a. blue veil. 
VVhen region b is seell an overlying region cone ma.y see an orange surfa.ce 
through a. red veil. Thus, another possible mechanism for the perception 
or tra.nspa.rency is that the hue of tlw overla.ppillg region is pa.rtia.Jly or 
totally inhibited and thn hues of the adjacent 11011-overlapping rq~i011S 
flow into the two regions demarcated by the overlapping regio11 bound-
aries a.t the different represented depths. Beck a.nd Ivry [21] proposed 
that the perccptioJl of tra.nspare11cy could occur with and wit1wut scis-
sioning oft he lightness of the overlapping area.. VVhcn scissioning ocn1 rs 1 
the overla.pping lightness is not seen and is split into the lightnesses of 
the non-overlapping a.rea.s [21, 22]. VVhen the perceptiOll of transparency 
occurs without scissioning; the lightness of the overlapping region ma.y 
not lw altered. One sees the lightness of region d througl1 the lightness 
of regim1 c or vice versa.. 
6. IMPENETRABILITY 
'Ihe view that cognitive process<::s can ilrflucnce pern:ption has been 
cha.llengcd. Ka.niz;sa [65]: for example; presents evidenu~ tha.t a.modaJ 
completion occurs in terms of geometric regula.ritics such as the good 
continuation of contoun:> 1 despite tlw absurdity of the completion in 
terms of our past experience. He interprets his examples as showing 
that "<:11ltochthonous factors of perceptua.J organization'; can override 
past experience. An a.Jtmna.tive interpretation is that past experience 
with formal or genera.l properties of objects such a.s the continuity of 
surface contours ovcnidcs past <)XpcrieJlCC or familiarity with particular 
objects [1.3). The Gestalt la1vs of groupi11g can be ilJtcrprctecl as express~ 
ing general properties of objects snch as uniforrnity, compactness, and 
smoothness [93]. Pylyshyn [92] proposed that t]Jese regularities arc em-
bodied as constraints by the visua.l system and do not reflect the effect 
of cognitive processes 011 perception. He argues tha.t cognitive informa-
tion per se docs not <:~.ffect perception. lvlea.nings and expectations do 
not a.ffect perception tmless they ha.ve bem1 internaJized as constraints 
by visna.l processes. 
The modeling of perception wmlld he simplified if cogniUve factors 
could be ruled out.. Low-level opera.ticms h1 hmna.n vision such as segmen-
tation a.nd the perception of edges, Jines and angles appear to he largely 
independent of purposive fa.ctors [93]. Rosenfeld [99L however: suggests 
that cognitive information about individual objects affects recognition. 
Peterson a.ncl Gibson [SD] have shown that figure-ground perception is 
influenced by whether the shape of a region is a familiar or meaning-
ful objN:L S11 hjeds perceived the meaningful regions for longer periods 
of time in displays in \vhich mw region \Vas meaningful a.nd the other 
was JlOL The depe1Hhmce of the perception of shape on lmv-: mid- and 
high- level processes is easily demonstra.ted. Shape perc<~ption depe11ds 
on the extraction of edges. In Figure 1.2a., one can see a. shape wlwn 
only some edges or lines are present. Edges in tlwmselves, however: 
are not sufficiellt to define a shape. Figure 1.2b shows that ;-;hape also 
depends on figure-ground orga.niza.tion or on \Vhdher ih<~ contour _is a 
bmmdi11g edge of the face~ or of tlw va.se. Figure 1..2c shows that <:t par-
ticula.r figure-ground organi;;,ation is not sufficient to define a. figure. In 
all instances the lines make up th0: figure, but different shapes can be 
seen depending on how the lines a.re grouped. For example, one e<:Ul see 
two adjacent hourglasses) upright and inverted overlapping tria.ng1es: or 
two overlapping parallelograms. Figure l.2cl shows that the perceptio11 
of a shape depends not only on hO\V the lines a.re grouped but on how 
tJwy a.re intcrpret<:~d. '_I.'he figure can be seen a.s either a. rabbit or a duck 
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depending on whether the left or dght parts of t]Je drawing arc seen as 
the front or the back of a. head. Altering the interpretation leaves tlw 
"figure-ground relations and the grouping of Jines uncha.Ilgecl. 
(a) (b) 
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(c) (d) 
Fignrc 1.2 lllustrat.ions showing the efrecls on the j)(!t"cep\.ion of shape of (a) subjec-
tive contours, (b) figure-gronnd, (c) alt.erJJ<ltivc groupings, and (d) a\t.ernative inter-
pretations. 
The phmwmenon of appa.rent motion illustrates the difficulty of spec-
ifying tl10 conditions in which cognitive factors influence perception. 
Beck~ ElsiWI': and Silverstein ["!8] studied the perception of apparent 
movement when the second of L\vo successive stimuli always appeared 
in the sante position a.nd whe11 it varied randomly between two posi-
tiom;. Foreknmvledge of the positi011 of the second stimuhJS does not 
facilitate the perception of <:tppa.rent movenwni. The spa.ce-tinw rda ... 
tionship of Koriels third law of appa.rent movement wa.s not affected by 
whether the position of the second stimulus was always the same or va.r-
ied randomly. lvla.nipulations of sha.pe and apparent depth that make 
the motion more likely also failed to affect the direction of apparent 
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motion (a3]. In coJJtra.st 1 the quality of motion \vas afrected by cxpcc-
tatiml. For example: tl1e motion of a. car was perceived to move more 
smoothly than a.11 11nfa.milia.r motion such as the motion of an oval [62]. 
Dawson and Piercey [~~2] suggest that the mea.ning of a stimulus affects 
the quality of perceived motion but fails to affect the perceived direction 
of motion. Under some conditions: however: knowledge docs affect the 
direction of perceived motion. Shiffrar and Freyd [103] found that appar-
ent motion does not always follow the shortest path. Observers tended 
to perceive Uw shortest path with short stinndus onset a.synchronies de-
spite violations of anatomical constraints. However: observers perceived 
the anatomicaJly possible but longer pa . ths with longer stimulus onset 
asynchronies. The illfhwncc of inferential processes under longer obser-
vation time \Vas also found in a.modaJ completion: which is a.ccount<~d for 
hy local cues when the exposure duration is short: and is hlflncnced by 
global regularities when the exposure duration is longer [85]. As with 
short tinw scpa.ra.tiom;: the perceived direction of a.ppa.n~11t motion with 
sma.ll spatia.] separations (less than a.bout 0.5 degrees) depended largely 
on stimulus geometry [29]. For larger sp<:ttial sep.a.rations: however: cog-
nitive expectations may iniluence the perceived direction of apparent 
motion. lVlcTkath: Ivlorikawa: and Ka.iser [80): for exa.mpl<\ found with 
larger spat.ia.l separations a bias to see motion in the direction t.ha.t the 
;.;ha.p<~s face when the shapes were faces and geometric figures like ar-
rows: but 110t when the shapes were letters. It j::; not easy to precisely 
characterize cognitive influences on perception. 
7. SUMMARY 
This chapt.m described the multiple processes in the perception of 
lightness; the 11mltiple representations in visual segregation 1 and the 
loca.l-globa.l intera.ctiom; i11 integrating multiple sources of information in 
the perception of tran;.;pa.rency i.11 moving and sL:ttionary displays. 'fhe 
globaJ character of perception derives from the hiera.rchica.l .ilJtegra.t.ion of 
B<msory: perceptuaJ and cognitive processes. Perception ma.y also depnnd 
on mecwing and familiarity as well as on stimulus a.nd configurational 
factors [57]. These characteristics render human vision hig]Jly adaptive 
but a.lso difficult to model computationally. 
Perceptim1 is not ha.sed on a ::;inglc globaJ field-like process as sug--
gested by Gestalt. psychology. lnstecu\ 1 perception involves the intentc-
tion of nmltiple processes a.ml repre::;enta.tions. The percept.ion of light-
ness is the result of mu1t.iple ::;ensory: percept.na.l: and cognitive proce::;ses. 
Perceptual a.nd cognitive processes determine whether a difference in 
luminance i~ seen as a diff'erence in illlllnina.tion: depth: or light11ess. 
19 
The visual system has also evolved multiple representations for difTercnt 
purposes. Visual segregation can occur in f,{~rms of differences in spa-
tial frequency content: feature differences: or d.iffenmces resulting from 
the grouping of pattern elcmellis. Grossberg [18] presents a. thcoretica.l 
framework for a model in terms of intera.ctl11g processing streams. The 
model is based on the conflicting constraints of biological vision. De-
composition of vision into iti:i component processes and how the visua.l 
system integrates infonna.tion from different processes remains largely 
a.n unsolved problem. 
References 
[1] E. H. Adelson. Lightness perception and lightness illusions. In 
Ivl. Gazzaniga.: editor: The Cognitivf: Nc:u·ro8ciuu:cs 1 pa.geti aa9--
:J51. MIT Press, Cambridge, Mil, 2000. 
[2] E. II. Adelson and .J. A. iVlovshon. Phenomena.l coherence of mov-
ing visual pattern:::>. Nalun~ ~H)0:52:J~525 1 1 D82. 
[:3] Y. Aloimonos 1 C. Fenniiller1 and A. Rosenfeld. Seeing and under-
standing: Representing the visual world. ACN! Computinq SunXJJ81 
27::307-·:309, 19%. 
[ 11] Y. Aloimono::; and A. Roocnfcld. Computer vision. Scir:nu: 1 
25:]:]2:1!J·I25:1, 1991. 
[5] N. S. Anderson: S. ?vl. Pine: and A. Rotienldd. Derived scales for 
degree of simnl1.a.lleous contrast. in six Benussi ring figures. PcT-
u:plion ond Psyclwphy8h:8 1 6:289--292 1 1975. 
[6] F. Attlle<tvc. Pra.egna.n% and soap bubble tiys1.ellls: A theoretical 
exploration. In .J. Beck 1 editor 1 Ot'qaniwl-ion awl Re:pt·r:solfalion in 
J->u·cf:pUrm: pa.ges ll---29. Lawrence Erlba.um Associates: Hil1sdale 1 
NJ, HJ82. 
[7] J. Beck. Stimulus correlates for the jndged illlllllinat.ion of a sur-
fan~. Journal of E':t:p(:rirncntol PsycholomJ: 58:2()T--27-'1 1 1959. 
[8] ,J. Beck. ,]lHlgnwnts of surface illllJninat.iOJJ a.nd lightne.ss. Journal 
of B:tJH:1·hncnlalJ>sychology: ()1:3()8-~~75 1 1961. 
[9] .J. Beck. Supplementary report.: All exa.mimttion of an aspect of 
the Gell) dl'ect. Jounwl of Pxperimf:nlo.l Psychology: (-Jil:!$)9---200: 
j 962. 
[tO] .J. Beck. Eff'ect of orientation a.nd of s_ha.pe similarity on perceptual 
grouping. Pcrcept£on and Psychophysic8 1 l::HJO-<Hl2: .! 966. 
[ll] .]. Beck. Lightness and orienta.tio11. llmcrium Journal of Psychol-
oqy, 82::359-366, l969. 
20 
[12] J. Beck. Surface lightness and cues for the illumination. !lmetican 
Jou.nwl of Psychology, 81:1-11, 197.1. 
[13] .J. Beck. Smjacc Color Perccption. Cornell University Press, 
Ithaca, NY, J 972. 
(.14] J. Beck. Dimensions of an achromatic surface color. In R. B. 
lvlacLeod and II. L. Picl<, editors, Perception: Essays in llonm· of 
J. J. CNb80?I, pages 1()6-18-1. Cornell University Pres;.;, Ithaca., NY, 
1971. 
[J 5] J. Beck. Textural segmentation. In J. Beck, editor, 0Tyoniza~ 
lion and R£:pn:scnlation in Perception, pages 285-317. Lawrence 
Erlb<tum Associates, llillsdale, N.J, J 982. 
[16] .J. Beck. Textural segmentation, secowl~order statistics, and tex-
tura.l elements. Biological Cyb(:?'nelics, 48:125-··UO, 198a. 
[17] J. Beck. Visual processing in texture segrega.tion. In D. Brogan: 
A. Gale 1 and Ca.rr IC: editors: Visual Search 2: pages 1-:35. 'J'a.ylor 
and Fra.Jlcis: Londo11 1 HHn. 
[18] J. Bed.:: A. Elsner: and C. Silverstein. Position m1certainty and the 
perception of apparent wovenwnt. Pen:r:ption and Psychophysic8 1 
21::\:3-38, 1977. 
[ID] .J. Beck and VV. Goodwin. Preva.ilh1g lightness and lnw and per-
ceived texture scgregatioJJ. ln G. Carpenter and S. Grossberg: 
editors: Ncuml Ndv;orks for Vision and Image P1·ocr;ssiny 1 pa.ge:J 
15·~.1:\. MJ'J' Pre", Cambridge, MA, 1992. 
(20] :J. Beck: N. Gra.l1a.1n 1 and A. Snttcr. Light11ess differences and the 
perceived i:legrcga.tion of regions a.nd pop1dations. J>u·crplion rmd 
Psychophysics, '1'1:257 .. ·269, J 991. 
[2J] ,J. Beck and R. lvry. On the role of figural orga.nlza.t.ion in per-
ceptlla.l transparency. P(;:1Y:eplio11 and Psychophysics: .rJ 11:.585 -59/l: 
1988. 
[22] .J. Beck: K. Pntzdny: and IL Ivry. Tlw perception of transparency 
witl1 achromatic colors. Pc1'C(;pfion and Psyclwphysicsl :35:-107---/122; 
1 D8'1. 
[2~~] .1. Beck: K. Prazdny: and A. Rosenfeld. i\ theory of textural s<::g-
menta.tion. In .J. BecJ::: B. llope: and A. Rosenfeld: editors: llmnan 
and 1H'achiru: Vis£rm: pages ]---:38. Academic Press: New York: 198~3. 
[24] J. Beck, A. Rosenfeld, and R. lvry. J.ine segregation. Spalial 
Vision, '1:75~~101, 1989. 
[25) .J. Beck: A. Sutter: <tnd R. Ivry. Spatial fn~quency channels and per-
ceptual groupi11g in texture segregation. Compui-e1· Vision 1 Graph-
ics1 ond .lrnage Pmcr:ssing: ~{7:299-<325: 1987. 
21 
[26] J. Bergen. Theories ofvisna.l texture perception. In D. M. Rega.n, 
editor: Spatial V1:sion: volume 10 of Vision and Visual Dy8junclion 1 
p<tgcs 114-131. Macmillan, New York, 1991. 
[27] J. Bergen and IYL Landy. Computational modeling ofvisuaJ texture 
,<;egrega.tion. In I'vl. Landy and ,J. 1·1ovshon: editors: C'ompu.tational 
models of visual processing: pages 253-271.lV1IT Preos: Cambridge~ 
MA, 1991. 
[28] P. VV. Berman and H. VV. Leibowib:. Some effects of contour on 
simultaneous brightness contra.st. Jounwl of l•;'xpc1'im.(;;ntal Psy-
chology, 69:251 .. 256, 1965. 
[29] (). J. Bra.ddick. A short range process in apparent motion. Visimt 
Research, 14:510-528,1971. 
[30] .1. Braun. On the detection of salient contours. Spatial Vision: 
12:211-225, 1999. 
[31) S. lVl. Courtney: L. II. Finkel: and G. Buchsbaum. Network sim-
ulations of retinal and cortica.l contributions to color constancy. 
Vi8ion Nesca1'Ch: 35:/ll~~--i:H: 1995. 
[32] lvl. R. Da.\vson a.nd C. D. Piercey. Open peer comJmmta.ry: Bet· 
ter theories a.re needed to distinguish perception from cognition. 
!Jcho.vioral and Urai11 Sciences: 22:371-375: 1999. 
[:J3] M. R. W. Dawson and H .. D. Wright. The consistency of element. 
tra.nsforma.tions aJI(:cts the visibility hut not Uw direction of the 
illusory Ill ot.ion. Spatial Vision: 4:1 T--29: 1 989. 
[:.1-1] G. Fechner. Rlr:m.r:nl8 of P8ychophysic8. Jlo!t: Rinehart: and VViu-
ston: New York: 1966. 'J'ra.nslated by H. E. Adler: D. 11. Howes: 
rtnd E. G. Boring. 
[~~5] D. J. Field: A. Hay<:s: and H .. F. Hess. Contour intqvation by 
the human v.isua.l system----Evidence for a local associa.tioll Held. 
Vision llo>r:a·,Y:h: :3:~:17~) .. ··10:3: J9~n. 
[:Hl] H. R. Flock. 'J(l\vmd <>theory of brightness contrast. In M. H. Ap-
pley: editor: ildaploJirm-Lcvr:l Theory: /l Sympo.c;ium: page~ 129--'" 
146. Academic Press: New York: _\ D71. 
[~l7] II.R. Flock and S. Nu~inowitz. Specu]arit.y: brighi.Iwss: a.chrorna.tic 
color-and orthogonality. PuY:eption and Psychophysics; -'12:-1:39·-
156, 1987. 
[:38] I. Fogel a.nd D. Sa.gi. Gabor filter~ as textun: discriminators. Bio-
logiwl Cybo·nclic8, Gl:JO:l--11:3, 1989. 
[:.39] VV. T. Freeman. The generic vknvpoint a.ssumption _in a. fra.mework 
for visual perception. Nalur·e: ~368:5-12-5-15: 199-'l. 
22 
[10] A. Gelb. Die "Farbenlwnstanz" der Schdinge. In W. A. llethe, 
editor: llandbuch dcT Nonnaltn 'lmd Pathologischen Physiolog1:C: 1 
volume 12: pages 594-678. Springer: Berlil1, 1929. 
[<ll] ,). ,). Gibson. The Perception of the Visual World. Houghton 
Milllin, Boston, 1950. 
[42] J . . ]. Gibson. Pmception as a function of stimulation. InS. Koch: 
editor: Psychology: A Study of Science: volume 1: pages 156-501. 
IVlcGraw-llill: New York: I 959. 
[/t:3] J . . 1. Gibson. The Ecological .!Jppmach lo Visual _Pr:raplion. 
Houghton Mifflin, Boston, 1979. 
['H] A. Gilcl1rist, C. Kossyfidis, F. Bona to, T. Agostini., J. Cata.liotti, 
X. Li: B. Spehar: V. Annan: and E. Economou. An a.11choring the-
ory of lightness percepti011. Jom·nol of E'.Tpcrirncnlal Psychology: 
1 06 :7%~8:H, 1999. 
[15] N. Gra.ham: .J. Beck: ami A. Sutter. Nonlinca.r proces;;es in spatial-
frequency da.nnel models of _perceived texture segregation: Efl'ects 
of sign and amount of contrast. Vision Hr:sem'Ch: :32:71 D-71~3: 1992. 
[ 116] N. Graha.m a.nd D. C.llood. fv1oddillg the dynamics of light a.cla.p-
taJion: The merging of two traditions. V1:sion /?u;t:an:h; ~~2: I :37J-
1:39:l, 1992. 
[ 117] N. Graham a.1Hl A. Sutter. Spatial summation in simple (Fom·ier) 
a.nd complex (non-Fourier) texture channels. Vision Rc<>W1'Ch: 
:38:2:ll 257' l 998. 
[18] S. Grossberg. Tl1e complelllenta.ry brain: A unifying view of brain 
specia.liza.tion and modularity. ~!'rends in Cognitive Sciena, 2000. 
In press. 
[-'lD) S. Grossberg and E.l\·Jingolla. Neural dynamics offonn perception: 
Boundary completion, illusory figures, and IWOll color spreading. 
P8yr:holo!Jical Review, 92: l 7:}-"211, lD85. 
[50) S. Grossberg and E. lvlingolla.. Neural dynamics of perceptual 
grouping: Texture boundaries a.nd cmcrgeil1. segmenta.tions. Pu'-
cc:ption and PsychophysicB, 38: 1-1 l··-171, 1985. 
[51] S. Grossberg cmd D. 'l'odorovic. Neural dynamics of 1-D and 2-
D brightness perception: A u.nifiecl model of cla.ssical and recent 
phenomena .. Perr:cplion and Psychophysics, 1:3:2111---·277, 1988. 
[52] A.M. llaff'<mden andY. M. Goodale. The effect of pictorial ilhJSion 
on prcJwnsion a.nd perception. Jmtnwl of CoynUive J\\:umsciotcr:: 
1():122~ t:JG, 1998. 
[5:J] ll. l!dmholtz. Physiological Opiic8. Optical Society of Ameriot, 
Rochester, NY, 1925. 'Ji'ans1ated and edited by .J. 1'. C. Sou\lmll. 
[511) Il. 1-lelson. Funda.mental problems in color vision L 'Ihe princi-
ples governing changes in hue 1 sa.t ura.tion, ligl1tness of non-selective 
samples in chrornatic illumination. Jounwl of E:rpcTirncnlal Psy-
chology, 23:,139-176, 1938. 
[55] E. Hering. Outlines of a Theo1·y of the Ught Sense. Harvard Uni-
versity Press: Cambridge: IVfA, 1964. Translated by L. :tvr. I-Iurvich 
and D. Ja.rneson. 
[56] J. Hochberg. How big is a stimulus? [n J. Beck, editor: 01·yon£za-
tion and Rcp1Y::.<>ental£on in Pe1Y:ep!.ion: pages .191-····217. LawreiJce 
Erlbaum Associates, llillschrle, N.J, I 982. 
[57] J. Hochberg. Gestalt theory and its legacy. In J. Hochberg., ed-
itor: Pu·ccpUon and (}ognit.ion at CcntuTy's Rnd1 pages 253-30(). 
Academic Press: N<~w York, 1999. 
(58] B. K. P. Horn. Determining lightness from a.n image. CornpuleT 
Visirm, C:mph£cs and lmagc Procu;sing, ~3:277 .. ··299, 19711. 
[59] A. Hurlbert. Forma.] connections between lightness a.lgorithmn. 
Journal of the Optical Society of ilmn·ica A: a:lG8 11-.... HHJa, 1986. 
[f)()] L. Hurvich and D .. Ja.meson. An opponent process theory of color 
v.ision. Psychological Review, {}t1:384-40 11: 1957. 
[61] IL .Jasinsc1Ji 1 A. Rosellfeld: a.nd K. Sumi. Perceptual motion tra.ns-
pa.rency: The; rolC'. of geometrica.J information. Journal of the Op~ 
f.icalSocidy of Amu·ica A; 9:.18()5--1870; 1992. 
[G2] I.~. J01ws and .J. Bruner. Expecta.llC.Y in a.ppa.rent vhma.l movement. 
/Jrit.£sh Joun1al of Psycholo.rm: -15:157-.. -1()5, .195 11. 
[fn] D. B. Judd. The ddit1it.ioil of black ;-mel white. Jlmr:rir:rw Journal 
of l'.sycholoyy, ~l0:289··2\J.1, l\)'1 1. 
[6'1] D. B .. Judd. Comment. l11 M. 1!. Applc>y, editor, !ldaptat-ion-],evcl 
Them·y: !l Symposium: pages 1-17--1.5(). Academic Press, New York: 
1 \J71. 
[65] G. Ka.ni~:s<L Perception: past experience: a11<l the "impossible ex .. 
perimene. Acl.a P8ych.ologica: ~H:()(j ..... f)(); 1969. 
[GG] G. Ka.ni~:sa. Phenomenal transparency. In G. Kanizsa.: editor: 
Ot:qanizat£on £n Vi8ion: pages 15.1-:169. Pra.eger: New York: 1982. 
[G7] L. Kardos. Ding unci Schatten. Zeilschrift Fir Psydwlo.r;£r: ... 
Rryanzungbarul; 2:3: .19:J.1. 
[G8] J. li. Kass. VVhy does the brain J1ave so 1na.ny visual areas? Jovrr1al 
of Cognitiv<: iVr:w'oscir:nce, 1:121--1;35 1 .1.989. 
[69] P .. J. Kel!ma.n and T. F. Shipley. A theory of visual interpolation 
in object permpt.ion. Co.r;nilive Psycholo.cJV: 2:3: H l--221: HJ91.. 
[70] F. Kelly. N(:ural rlynmnics of 3-D surface ]JC:Tccplion: Figure-ground 
S(:pomtion 1 t-1·anspan:ncy and binontlat brightness pe-rception. PhD 
thesis~ Boston University~ Boston: lVlA~ 1999. 
[71] D. Knill and D. Kersten. Appa.re11t surface curvature affects light-
ness perception. No..ture~ a5:t :228-2~{0: 1991. 
[72] K. KoH'ka. Principles of Gestalt Psychology. Harcourt Bra.ce 1 New 
York, 19:35. 
(7:J] ,J. Krauskopf. Efl'cct.s of retinal image stabili:t.a.tion on tlH~ appear-
ance of heterochromatic targets. Journal of the Optical Society of 
l111UTiCfl 1 53:7!Jl····7il4 1 196:3. 
[7;J] 1•:. H. Land. Color visiorJ a.nd the mttura.l image. TIT. ltece11t a.d-
va.nccs i11 the rctinex theory and some implications for cortical 
comp11ta.t.ion.s. Pmr:u:din,r.;s of ih.(: No.t.ional Acrulony of Sciences 
U.S.A., 80:5l6:l-5169, 198il. 
[75] .J. Lonmcea.u a.nd i\'1. Shif[rar. 'J'he illflHence of terminators 011 mo .. 
tion integration acrons spar.(~. V·is?,on Rr:.8Ul'f'Ch~ 32:2()3-273~ 1992. 
[7G] E. fv'lach. 'J'Iu, llnalysis of Sensat?:on8. Dover: New York: 1959. 
Translated by S. VVa.terlmv. 
[77] I. ll. G. MacLeod and A. Rosenfeld. 'I he visibility of gratings: Spa-
tia.] fre(fl]()llC.Y channels or bar-det.ec1.i11g units'? V£s1:on Rr:seo.rch: 
H:909·-9l5, Hl7'L 
[78] J. ?vla.lik and P. Perona .. Pn~a.Uentive texture discrimination with 
early vision mechanism. Jounwl of the Opt-ical Soddy of ArnfTir:a 
;I, 2:')2:3·-'!:32, 1990. 
[79] S.C. i.Vlasin and lVl. Fukuda .. 'l'he ocn1rre11Ce of achroJna.Uc tra.ns-
pa.rency. 1Jullclin of Uu: Psyclumomic Sor:idy: :J !.:5:~7---5-'10~ EHLL 
[80] i\L K. 1VlcBea.th~ K. IVlorikawa.~ and ?vi. K. Kaiser. Perceptual bia.s 
for forward-facing rnot.ion. l<<>yclwlo.r;ical Science: :3::3()2---<367~ .1092. 
[~I] D. J-1. lvfershcm and VV. C. Gogel. Ef!'ect of st.ereoscuvic cues o11 
perceived whiteness. ihncricrm Jounwl of Psycholoyy: 8:J:55·-·G7: 
ID70. 
[82] F. 1.Jetelli. Achroma.tic color conditions for the perception of trans-
parency. ]n H.. B. i\lfa.cLcod a.JHl H. L. Pick: editors: Pu'CC:plion: 
Xssays in llonot of J. J. Gib8on~ pages 95-llG. Cornell U.niversit.y 
Press, Ithaca, NY, 197'1. 
[8:3] A. D. Milner a.nd Y. lVL Goodale. The Vi,c;ual /Jmin i11 Action. 
Oxford University Press~ Oxford~ England~ 1.995. 
[8'1] E. Mingolla, J. T. Todd, and J. F. Normar1. 'Ihe perception of 
globally coherent rnotion. Vh>ion Ruu:.aTch~ ~12:10_!5--10:31~ 1992. 
25 
[85] L. lvfora.vec and J. Beck. Amoda.J completion: Simplicity is not 
the explanation, JJulletin of the PBychonomic Society, 24:21)9-272, 
1981), 
[81l] S. Oddo, J, Beck, and E. Miugolla. Texture segregation in cluo-
ma.tic clement arra.ngemcnt patterm;, Spatiol Vi.<>ion: 12:421·-159: 
1999, 
[87] C. E. Osgood. Mdhod and Theo,-y in Ea:pc'Tirncntal Psycholoyy, 
Oxford University Press: Ne\v York: 1953. 
[88] S, E. Palmer. Vision Science MIT Press, Carnbridge, MA, 1999. 
[89] IvJ. A. Peterson and B.S. Gibson. Object recognition contributions 
to figure-ground orga.ni:;;a.timl: Operations on outlines and subjec-
tive contours. Po·ceplion and Psychophysics: 5():551-56tl, 1 99-1. 
[90] 'l. Pizlo: ;\, Rosenfeld: and J. Epelboim. An cxponenLia.l pyra-
mid model of the time course of size processing. Vision Rr:::;eatch: 
~J5:l089-ll07, 1995, 
[91] '_l'. Poggio~ V. Torre~ and C. Koch. Computa.tlomtl vision and 
regularixtion theory. Nalw·c: :H7::H+-:n9: 1985. 
[92] Z. Pylyshyn. Is vision continuous with cognition'? The case for cog-
Hitive impenetrability of visual perception. JJcho.1.n·oml and JJmin 
SciwccB, 22::H 1·-423, 1999, 
[9:l] A. Rosenfeld. Non-purposive pcrce.ption in con1puter vision. In 
T. Einsele 1 VV. Giloi~ a.nd J-1. H. Nagel~ cditor.':i 1 Pachtayuny ''i(,'ogni-
tivc Vujohnn und S'ysfnnc 1' 1 pag<~S :3tl9--<H:1. Springer: New York: 
!97:l. 
[9/l] A. Rosenfeld. Relaxation processe11 for perceptual disambiguation 
in compnter vision. In .J. Bock: editor: Oryanizalion and Repn:-
Sf:nLation in Pcn:r:ption: pages H.5·--·] 50. La.\VH)J}C<\ Erlbaum Asso-
ciates: Hillsdale: N.J: .!982. 
[95] A. Rosenfeld. Pyramid algorithms for perceptual organization. 
Ur:-.lwvim· RcsuJ.rch Ahthods1 _lnstnuncnls and Corrqnll<:rs 1 18:5n5--
600, 1986, 
[9G] A. llosenfeld. Recognizing 11nexpected obj<~cts: A proposed a.p·· 
proach. International Journal of l)all-r:1'71 llecogniiion and A1·t1ficial 
/niclligence, 1:71--8'1, 1987, 
[97) /\.. H.osenfeld. Computer vision: A source of models for biological 
visual processes? JERI•) Tttmsactirm,s on 13£mnulica.l 1'.-'nyina.ring~ 
:J6:9:J-9G, l98~L 
[98] A. Rosenfdd. Pyramid algorithms for efficient vision. ln C. Bla.ke-
Jl10I'(\ editor: Ft:sion: Coding and E'jfici<:nc?J: pa.ges 12a·-iJ~30. Ca.m.-
bridge University Press: Cambridge~ Engla.nd: 1990. 
26 
[99] A. Rosenfeld. Open peer commenta.ry: Is visual recognition entirely 
impenetrable'? JJehavioral and Bmin S'cicncc:S1 22:~~91-392, :!999. 
[100] A. Rosenfeld. Vision: Some speculations. In C. H. Chen, L. F. Pan, 
and P. S. P. VVa.ng, editors: Ilmulbook of Patlcn1 Recognition and 
Computer Vision: pages ix--xi. VVorlcl Scientific, Singapore: 1999. 
[101] .J. A. Schirillo and S. K. Shcvell. An account of brightlll>ss in 
complex scenes based on inferred illumination. Pcrcc~plion 1 26:507--
518, 1997. 
[102] A. Sha.shua. and S. Ullrna.n. Structural saliency. In Pmcadings of 
the lnt.enwtional Conference on Computer Vision 1 pages (182-188, 
Ta.mpa.1 Florida .. 1988. 
[103] l'v1. Shifi'ra.r and .] . . 1. Frey d. Apparent motion of tlH~ hum a.n body. 
Psychological Science:: 1:25J.--2(Jt1 1 1990. 
(10!J] A. Sutter: .J. Beck: a.IHl N. Graham. Contrast a.nd spatial variables 
in texture segregation: Testing a. simple spa.t.ia.l-frequency channels 
model. Perception and J<~ychophysici5; 116:31.2~332: JDBD. 
[105] D. 'J'odorovic. Lightness a.nd junctions. Pcnx:plion: 2():;179··-a9111 
1.997. 
[1 06] :rvJ. R. Turner. Texture discrimina.tion by Gabor f\mctions. JJio-
logir:al (,'ybcrnetics: 55:71····82: 198(). 
[.107] L. Vis\va.na.t.ha.n. Neural dynamics of attr:rtiion in deplh mul nwlion 
h1legmJion rwd sqpn.enlalion within rtpctlun:s. PhD thesis: Boston 
University, Boston, MA, 2000. 
[108] JJ. \Va.lla.ch. Brightness constancy and the Jla.tu}'(: of achromatic 
colors. Jounw.l of F:tpcrinu:nlal Psycholo.rm: :38:~31 0<~2-1: .1.9-'18. 
[109] .). WalravcJI, C. Emoi.h-Cuge!l, D. C.llood, D.!. A. MacLeod, and 
.J. L. Schnapf. The control of visua.l sensitivity. h1 L. Spillman and 
.J. S. VVerner: editors: Visual Pu·ceplion: '!'hr: Neumphysioloqical 
Fou11rlalions: pages 5~~--101. Academic Press 1 New York: 19DO. 
[1:10] A. B. VVatson. Detection and recognition of i:>imple spatia.l forms. 
In 0 .. J. Braddick and/\.. C. Sleigh: editors: Physiolo_r)1:cal und JJi-
oloyic:al fJnpmr:u;;.<;inq of hn.ay(:S: pages .110·-·!.1 11. Springer 1 New 
York, Hl8:J. 
[1 11] C. VVheatstone. Contributions to the physiology of visim1. Part 
1: On sonw reJlla.rkable and hitherto unohserv<xl phenome11a of 
binocular vision. Philosophical Tmruwclion8 1 Royal Socir:ly1 Lon-
don, 128::J7hl91, 18:18. 
[112] M. White. A new effect of pattern on perceived lightness. Ferccp-
iion, 8:413-116, 1979. 
27 
[1 J 3] S. Zuclwr. The diversity of perceptual grouping. In M. A. Arbib 
and A. R. Hanson: editors, Vision 1 l37YI.in 1 and Cuop<:mlit'C: Cmn~ 
putution, pages 231-261. MIT Press, Cambridge, MA, 1987. 
